A Software Module That Analyzes the Relationship Between
Headline and Content of the Web Article: CHIMERA
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Abstract

In the era of rapid growth in the consumption of news through Internet media, the problems caused by Internet
news whose text is not in line with the context of news consumer's predictions through headlines are pervasive
because the media is not properly practicing the role of journalism. In order to solve this problem, efforts were made
at home and abroad to provide criteria for determining whether an Internet news is an news with deviating
contextual features, but failed to provide accurate analysis results. Later studies using artificial neural networks were
conducted and performed better than conventional methods. In this paper, we introduced the preceding studies using
artificial neural networks and measured the predicted accuracy of artificial neural networks used in CHIMERA
software modules. As a result, some of the measured performance of the artificial neural network was shown to be
inadequate for service.
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Table 1. Trends in Domestic News Consumption
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Table 2. Attempts to Resolve Fake News (domestic,
oversea)
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Table 3. Performance Comparison of ANN

z=2HE Y oS (%)
SOLAT in the SWEN (Cisco) 82.02
Athene (UKP Lab) 81.97
UCLMR-fnc (UCL Machine Reading) 81.72
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Table 4. Performance Measurement of UCLMR-fnc
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